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At least one edge in either 
direction per vertex 
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Optimize with MOSEK 

QP 

Conic 
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Works well when no input function exists 
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§  Morse-smale + linear solve ~milliseconds 

●  Interpolation: harmonic representative  
§  Linear solve ~milliseconds 

●  Conic optimization 
§  2D ~milliseconds, 3D ~seconds 

Interpolation: functions are precomputed 
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Our method [Botsch & Kobbelt 2004,  
Jacobson et al. 2011] 
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Conclusion: Important to control extrema 
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